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Atrtificial Intelligence - AI ¥
Machin Learning - ML "
Deep Learning - DL *
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Object Detection °

Scene Understanding °
Behavior Prediction ¥
Real-Time Decision-Making *
End-to-End *

Adversarial Attacks "’
Perception
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Motion Planning and Control '

Social Behavior '™

Navigation and Mapping '*
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Sensor Fusion = Object & Environment Model
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Reinforcement Learning - RL '
Adaptive Cruise Control - ACC ™
Lane Keeping Assist - LKA
Recurrent Neural Network - RNN ™
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Waypoints '

Imitation Learning - IL *

Reinforcement Learning - RL ™
Behavioral Cloning - BC

Direct Policy Learning - DPL ™

Inverse Reinforcement Learning - IRLs ™
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