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ABSTRACT

In recent years, with significant advances in the field of deep learning and especially convolutional neural
networks (CNN), new methods have been presented to analyze seismic data and improve the accuracy of
earthquake prediction. The results indicate that methods based on convolutional neural networks, despite some
limitations, but due to their high accuracy compared to other methods, have created new horizons in the
direction of improving earthquake forecasting and significantly reducing the damages caused by it; Using
satellite data and aerial images, CNNs are able to analyze crust deformations and identify earthquake-prone
areas. Also, the ability of these methods to process complex data and identify patterns makes them more
effective in predicting and managing disasters. However, accurate earthquake prediction is still one of the
major challenges in seismology and requires more research in the field of quality data collection and
development of more complex models.

Keywords: Convolutional neural networks, earthquake prediction, deep learning.
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